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Abstract
This article explores how text-as-data methodologies can be used to reveal patterns of
mass-media manipulation strategies employed in modern autocracies. First, it explains
the importance of studying media strategies by reviewing literature on autocratic
resilience, with a particular focus on scholarship addressing state-controlled mass-
media tactics. Next, it outlines the computational methods currently used to study
mass-media management, highlighting key academic contributions in the field of
political communication, especially those focused on present-day autocracies. Finally,

the article discusses the challenges of using text-as-data methods to study mass-media

management strategies in autocracies.
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INTRODUCTION

Mass-media manipulations in autocracies—such as propaganda, censorship, and
disinformation—are an important area of study in political science and communication due to
their role in maintaining regime stability and support. This article explores the use of text-as-

data methodologies to uncover patterns of mass-media manipulations.



First, the article reviews existing literature on autocratic resilience, highlighting the
importance of studying state-controlled mass-media management strategies and discussing
key arguments in contemporary scholarship on this matter. Second, it outlines text-as-data
methods used to analyze media manipulations, emphasizing applications of these tools in
political research and identifying key academic contributions in the field. Finally, it discusses
the challenges and limitations of computational text analysis, acknowledging the

complexities involved in working with large datasets from state-controlled media sources.

MASS-MEDIA MANIPULATIONS AND AUTOCRATIC RESILIENCE

Autocracies endure. Since the emergence of the earliest civilizations, most individuals have
found themselves living under the governance of an autocratic' regime. Autocrats still rule
more than one-third of the world’s nations (Geddes, Wright, and Frantz 2018, 1; Ezrow and
Frantz 2011, 27). As of 2023, most of the global population lives in “partly free” or “not free”
countries (Freedom House 2024; V-Dem Institute 2025). The fastest-growing type of regime
in the world is autocracy (Geddes, Wright, and Frantz 2018, 2). Despite the prevailing trend
toward political and economic liberalization, numerous critical aspects within the realm of
global politics continue to align with non-democratic paradigms (Weeks 2018, 3). At the
same time, autocracies change as the world around them is transforming (Hallgarten 1954,
13) and continue to play an important role in global politics.> Above all, autocracies

demonstrate notable resilience (Freedom House 2024).

Autocracies are still not well understood. Although scholars have made inroads into studying

autocracies, there remain considerable gaps in our understanding of autocratic durability and

" For the purposes of this article, the terms autocracy and dictatorship are used interchangeably to refer to
political systems characterized by centralized and absolute power held by a single ruler or a small group. This
choice is made to simplify the discussion and to focus on the core features of these regimes.

2 For instance, some possess substantial economic and military prowess or significant natural resources.



survival (Geddes, Wright, and Frantz 2018, 1-5; Weeks 2018, 2—4; Svolik 2012, 2-3;
Tullock 1987, 1-17; Ezrow and Frantz 2011, xiii—xiv; Przeworski 2007). Ongoing research
increasingly delves into the aspects of autocratic legislatures, bureaucracies, elections, party
politics, as well as repression, leadership changes, and regime stability (Svolik 2012, 2;
Acemoglu and Robinson 2019; Bueno de Mesquita et al. 2005; Bueno de Mesquita and Smith
2011; Gandhi 2008; Meng 2020; Mukherjee and Koren 2019; Boix and Svolik 2013; Nathan
2017). However, instead of exploring the variation among dictatorships themselves, political
scientists often direct their attention toward contrasting democracies and dictatorships.® The
factors that scholars frequently use to explain distinctions between democracies and
dictatorships—such as the presence of genuinely free and fair elections—are not markedly
diverse across authoritarian regimes. Consequently, because autocracies differ not only from
democracies but also from each other (Geddes, Wright, and Frantz 2018, 1; Ezrow and Frantz
2011, 1), the existing body of research often struggles to deeply scrutinize the differences

among them (Weeks 2018, 2).

There is a great heterogeneity among autocracies across many dimensions. Some autocracies
are relatively stable and long-lasting, whereas others are short-lived (Wintrobe 1998, 3).
Some rely on their capacity to repress the public, whereas others are genuinely supported by
the populace (Guriev and Treisman 2022; Wintrobe 1998, 3). Some initiate international
conflicts, whereas others live in peace with their neighbors (Geddes, Wright, and Frantz
2018, 1; Weeks 2018). Therefore, the field of autocratic (or authoritarian, depending on the

choice of the definition) resilience (survival) is broad. In other words, the question “Why do

8 Przeworski (2023) critiques dominant formal models of authoritarian regimes for their overemphasis on
repression and information manipulation while neglecting the role of governance and service provision in
sustaining popular support. He argues that autocracies do not survive solely by misleading or coercing citizens
but also by delivering material and symbolic benefits that people value. This perspective challenges the notion
that autocrats rule only through fear and deception, suggesting that governance effectiveness contributes to
regime resilience.



some autocracies collapse while others display resilience and durability?”—an important
question in political science—does not have a single and simple interpretation, way of
answering, or even an answer (Bueno De Mesquita et al. 2005; Bueno de Mesquita and Smith
2011; Svolik 2012; Gallagher and Hanson 2013) because autocracies vary immensely in their
freedom (V-Dem Institute 2025; Freedom House 2024) and across a range of socioeconomic,
political, demographic, and temporal dimensions. Indeed, Kim Jong Un and Viktor Orban use
distinctly different tools to remain in office, and even Russia under Vladimir Putin and the
Soviet Union under Joseph Stalin represent different societies not only economically and
geographically but also in their regime’s methods of repression, propaganda and censorship,

tracing public opinion, and building relationships abroad.

Autocracies are uneasy subjects to study (Gel’man 2023; Smyth 2023; Lankina 2023;
Dimitrov 2023). There is always a chance that disclosing information about the inside
processes would bring to light not only the regime’s strengths but also its weaknesses,
thereby threatening its stability. Therefore, in autocracies, the state, acting as the thought
police, may sometimes censor or modify information about itself, thus making the data
released to the general public unreliable or unverifiable (Dimitrov 2023). Moreover,
conducting original fieldwork in an autocracy not only requires demonstrating to its
authorities that a researcher does not pose any risk to the regime but also involves the
inconveniences of traveling to a part of the world that is often unfriendly to foreigners—and,
in many cases, the need to learn the language and understand the culture, traditions, and

religions of a region.

Autocracies depend on citizen support. Although a mechanism of autocratic resilience always
entails a combination of various tools (Wintrobe 1998; Svolik 2012), autocracies can only

survive by effectively rallying some critical share of the citizens to their side. On a



fundamental level, citizens support a dictatorship when provided with motivating factors
(Wintrobe 1998). To maintain the support of the critical masses, leaders and elites in
dictatorships work to ensure that these factors, or incentives, exist (Ezrow and Frantz 2011,
56). The incentives span a spectrum, encompassing economic benefits, such as the allocation
of state resources, as well as security considerations rooted in the perception that dictatorship
guarantees stability—given the potential for violence if the regime were to collapse (Ezrow
and Frantz 2011, 55-56). Additionally, since a dearth of widespread public approval for the
regime can serve as an advantage for opposition movements to gain momentum (Magaloni
2006), repression is frequently wielded as a deterrent against the withdrawal of support for
the regime (Wintrobe 1998; Francisco 2005; Dimitrov 2023). Gehlbach et al. (2024) further
highlight that autocrats face a fundamental dilemma in managing repression and information
control, as excessive repression reduces the availability of reliable public opinion signals,
forcing rulers to either mobilize their security apparatus preemptively or risk underestimating

opposition threats.

Earlier studies of autocratic survival that focused on dictatorship paid significant attention to
coercion, control, power sharing, economic redistribution, and policy toward other states,*
considering these factors the cornerstones of autocratic systems (Wintrobe 1998; Svolik
2012). Many of such studies were largely descriptive in nature and predominantly focused on
totalitarianism and fascism (Ezrow and Frantz 2011, 2, 28). The literature emphasized that
the classical tyrants were feared rather than genuinely supported by the populace (Dikotter
2019, xiii; Wintrobe 1998). In other words, the old-school autocratic rulers, discussed in the
earlier literature, aimed not to convince or persuade the populace, but rather to spread

bewilderment, dismantle rationality, impose obedience, isolate individuals, and shatter their

4 Open or autarkic, peaceful or threatening.



sense of dignity (Arendt 1951/2017). The populace in these regimes was obligated to
construct the facade of consent. Those who did not conform were subject to fines,

imprisonment, and sometimes lethal repercussions.

More recently, scholars have turned their attention to the institutional foundations of
autocratic rule, recognizing that modern dictatorships do not rely solely on coercion but also
on carefully designed governance structures. Among the literature on authoritarian
institutions, four works require additional attention. Egorov and Sonin (2024a) argue that
autocratic institutions serve not only as tools of repression but also as mechanisms for elite
coordination and policy enforcement, highlighting the trade-offs between personalist rule and
institutionalized governance. In a complementary analysis, Egorov and Sonin (2024b)
emphasize the role of information flows in autocratic politics, showing that overly restrictive
regimes risk bureaucratic inefficiency, while those allowing too much openness face elite
defection. Gehlbach and Simpser (2015) further demonstrate that electoral manipulation is
not just about securing victories but also about reinforcing bureaucratic loyalty and signaling
regime strength to deter opposition. Similarly, Simpser (2013) argues that excessive and
blatant electoral fraud functions as a tool of long-term political control, discouraging elite
defection and solidifying authoritarian dominance even in cases where victory is already

assured.

However, recent scholarship, focused on present-day dictators, or so-called spin dictators and
informational dictators, suggests that many of these rulers place high importance on
influencing public opinion and genuinely—and often successfully—aim to be popular in their
countries (Guriev and Treisman 2015; 2019; 2022; Treisman 2018). This scholarship
suggests that while authoritarian leaders lack direct public accountability akin to

democratically elected officials, they care about popular approval much more than their



predecessors did (Guriev and Treisman 2022, 12). Similar arguments also appear in the
general literature on autocratic politics. For instance, Weeks (2018) argues that many scholars
underestimate the extent to which dictators can be held accountable by domestic actors and
that most dictatorships are able to generate audience costs (Fearon 1994) on a level of
democracies. Ezrow and Frantz (2011, 148—149) emphasize that although in autocracies the
ways for citizens to penalize their leaders are limited, this by no means implies that dictators
operate without any form of responsibility. Koesel and Bunce (2013) show that carefully
tailored official narratives, combined with control over mass media, are used in autocracies to
deter citizens from participating in popular mobilization against the rulers. The study argues
that just as voters can punish politicians for failing to uphold their promises in democratic
systems, dictators can exert a similar form of accountability. Consequently, according to
Guriev and Treisman (2022, 75), instead of intimidating citizens, modern-day tyrants strive to
gain popular support through projecting an image of competence, substituting the language of

violence with that of accomplishment, and displaying skillful leadership and commitment.

The literature on mass-media manipulation strategies in present-day autocracies not only
mirrors these arguments but also supports them with empirical evidence (e.g., Enikolopov,
Petrova, and Zhuravskaya 2011; White, Oakes, and McAllister 2005). Carter and Carter
(2023) in their fundamental study reveal and explain the variations in state-controlled news
media manipulation strategies among non-free regimes. The authors argue that different
tyrants use propaganda with different objectives in mind (Carter and Carter 2023, 1-36).

Many autocratic rulers currently operate within nominally democratic institutions,



encompassing elections, national legislative bodies, and political opposition. However, the

level of restraint imposed by these institutions significantly varies across non-free regimes.’

In cases where autocrats face few constraints—in other words, in cases where the rulers can
almost entirely rely on repression—propaganda is used to signal the regime’s strength and
domination over the populace (Huang, Boranbaya-Akan, and Huang 2019; Little 2017). The
power of these types of mass-media manipulations (often referred to as propaganda for
signaling or propaganda of fear) stems from their inherent absurdity. By compelling citizens
to consume content acknowledged by all of them as false, autocrats make their capacity for
repression widely recognized (Svolik 2012, 81; Carter and Carter 2023, 9). In regimes where
propaganda for signaling 1s at work, narratives regarding a nation’s contemporary history are
portrayed in absurd terms, citizens are told that their countries are envied worldwide, that
their nation is thriving, and that the dictator is a champion of national sports (Dik&tter 2019;
Guriev and Treisman 2022) or a technology enthusiast (Jackson 2023). Simply put,
propaganda of fear is far from surgical; it routinely issues explicit threats of repression to the

domestic audience.

In the cases where institutions hold significant weight (such as Putin’s regime before Russia’s
invasion of Ukraine in 2022), the rulers find themselves compelled to garner a certain degree
of public support (Carter and Carter 2023, 1-36). Consequently, they use mass-media
manipulations to sway citizens toward genuinely endorsing the merits of the rule and the
ruler. In these cases, for propaganda to effectively persuade, news narratives need to exhibit a

certain degree of neutrality, which, in turn, requires acknowledging some policy failures of

5 Rozenas and Stukal (2019) show that in autocracies where direct censorship of economic news is impractical,
state-controlled media instead employ selective attribution to manipulate public perceptions. Their analysis of
Russian television news reveals that bad economic news is not suppressed but systematically blamed on external
factors, while positive developments are credited to domestic leadership, particularly President Putin. This
strategic framing is used most intensely during politically sensitive periods, such as elections and protests, to
reinforce regime legitimacy.



the regime (Carter and Carter 2023, 9). Because viewers will inevitably turn away from the
broadcasts that are insufficiently informative (Gehlbach and Sonin 2014), spin dictators are
constrained in their ability to manipulate the news. Put simply, persuasive propaganda needs
to be surgical; the effectiveness of mass-media manipulation strategies stems from their

subtlety.®

It is reasonable to expect that state-controlled mass-media outlets in non-free regimes where
nominally democratic institutions hold significant weight may wish to avoid coverage that
could generate or exacerbate public discontent and/or emphasize perceived areas of the
regime’s strength, irrespective of the real or imagined nature of this strength. For this reason,
a systematic analysis of the dynamics of state-controlled mass-media narratives may help
reveal the changes in the regime’s priorities and uncover its perceived areas of strength and
weakness (King, Pan, and Roberts 2013; Lankina and Watanabe 2017). In other words,
studying the variations in state-controlled information flows may help researchers find out
what an autocracy wants its citizens to think about, whereas comparing state-controlled news
to more independent media content can help uncover what the regime wants fo hide from the

public.

The case of Russia illustrates these dynamics, as Putin’s propaganda strategy is shaped by
both internal constraints and audience-specific considerations, influencing its persuasiveness
inside and outside the country. Unlike purely repressive regimes, Russia has had to balance

manipulation with credibility, especially in the digital sphere, where blatant censorship is less

6 A related argument is presented by Gerschewski (2023), who suggests that autocracies structured according to
de-politicization tend to produce propaganda that creates an illusion of competence and that, conversely,
autocracies organized according to over-politicization more commonly employ ideological propaganda.



effective (Sanovich 2017). State-controlled media reinforce support among regime loyalists
through belief-affirming propaganda, but their ability to persuade skeptics—domestically and
abroad—is limited (Shirikov 2024a). Studies show that propaganda works best on those
predisposed to its message, while opposition-minded individuals either reject it or become

susceptible to counter-narratives (Peisakhin and Rozenas 2018; Shirikov 2024b).

Additionally, media trust in Russia and other post-communist autocracies is shaped more by
contemporary political environments than by historical communist legacies, with trust in state
media remaining high among supporters but low among critics (Shirikov 2024c¢). This
suggests that Putin’s regime relies less on broad persuasion and more on maintaining an

ideological divide, ensuring that state media reinforce existing loyalties.

These constraints shape not only the content of propaganda but also the methods used to
control the information environment. As Roberts (2018) highlights, authoritarian regimes do
not rely solely on censorship but also employ friction—raising the cost of accessing
alternative viewpoints—and flooding, overwhelming audiences with distracting content to
drown out dissent. Similarly, Sanovich, Stukal, and Tucker (2018) show that the Russian
government has moved from early engagement with online opposition toward more
aggressive tactics, such as coordinated disinformation campaigns and digital suppression.
These strategies help sustain Putin’s propaganda model by ensuring that alternative narratives
remain either inaccessible or discredited, reinforcing the ideological divide maintained by

state media (Carter and Carter 2023).

Another studied example is Saudi Arabia, where the regime combines physical repression
with computational propaganda to control public discourse. Unlike Russia, which must
balance manipulation with credibility, Saudi Arabia relies more heavily on direct coercion

and online disinformation. While imprisoning activists silences individual critics, it often

10



backfires by mobilizing their followers, leading to increased online dissent (Pan and Siegel
2020). At the same time, the Saudi government operates state-backed troll armies and bot
networks to amplify pro-regime messages and flood the information space with distractions
(Barrie and Siegel 2021). However, like Russia, Saudi Arabia faces limitations in fully
controlling online discourse, as engagement with influence operations remains relatively low,
and efforts to dominate the digital sphere often generate resistance rather than compliance.
This highlights a broader challenge for autocratic regimes: while they adapt their strategies to
different constraints, digital spaces remain difficult to fully control, requiring continuous

adjustments in repression and propaganda tactics.

TEXT-AS-DATA TO STUDY MASS-MEDIA MANIPULATIONS

Understanding how autocracies manipulate mass media requires systematic analysis of large
textual datasets. Traditional media studies relied on qualitative analysis of news coverage, but
the scale and complexity of modern propaganda demand computational approaches. Text-as-
data methods provide a means to systematically analyze patterns of censorship, propaganda,

and narrative framing across large corpora of state-controlled media.

Text-as-data methods are not a novel approach to analyze mass-media strategies. Walter
Lippmann’s Public Opinion (1922) references a study conducted in the early 20th century, in
which an individual named Wilcox collected 110 newspapers from 14 large American cities
and classified the content of over 9,000 columns. For example, news columns were
categorized into “War News,” “General,” and “Special,” with “Special” further subdivided
into “Business,” “Sport,” and “Society.” In other words, until recently, text-as-data methods
to study mass media relied on meticulous human reading, a method that is not scalable to the

extensive corpora now accessible.

11



In today’s world, technology enables machines not only to replace the laborious human
classification once performed by Wilcox but also to undertake a wide range of text analysis
functions. Enhanced web access allows social scientists to gather digital data from around the
globe and connect with peers, thereby facilitating greater expertise, while advanced software
and high computational power equip them with the tools necessary to analyze increasingly

large datasets.

Text-as-data tools, also referred to as quantitative text analysis (in social sciences) or natural
language processing (NLP, in computer science and data science), are a branch of artificial
intelligence methods focused on the interaction between computers and human language.
Among a wide variety of other applications, they offer innovative solutions for studying
state-controlled mass-media manipulations. Over the last few decades, NLP has evolved from
rule-based systems to data-driven approaches, fueled by advancements in machine learning
and computational linguistics. Early NLP systems relied heavily on handcrafted rules,
limiting their scalability and adaptability. However, with the advent of statistical methods and
deep learning techniques, modern NLP models can now automatically learn complex patterns
from large datasets, leading to significant improvements in tasks. By applying NLP
techniques to analyze large volumes of textual data, researchers of mass-media manipulations
in autocracies can uncover patterns, detect narratives, and identify instances of propaganda,

misinformation, or censorship.

Because text-as-data methods are a recent development in the study of political
communication, there is limited consensus on their optimal application. The field of text
analysis exhibits significant methodological diversity, lacking both a unified framework and a
common vocabulary to guide research design. This difficulty is exacerbated by the rapid

advancement of NLP algorithms. Below, I offer a conceptual overview of the popular
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methods of computational text analysis in mass-media communications. Additionally, I
provide examples from key academic case studies focusing specifically on mass-media

manipulations in autocracies.

Presently, one popular NLP method used in studying mass-media manipulations is sentiment
analysis. Sentiment analysis allows researchers to gauge the emotional tone of textual content
(Liu 2022). In such analysis, the sentiment of text—such as a word, phrase, or sentence—is
generally categorized as either positive, negative, or neutral, or quantified using a rating scale
(e.g., valence from 1 to 5). In the context of state-controlled media, sentiment analysis can
reveal attempts to manipulate public opinion by framing issues in a particular light or evoking
specific emotional responses. There are two primary methodologies for assessing sentiment

in text: lexical methodology and machine learning techniques.

Lexical methodology for sentiment analysis uses predefined lists of words, known as
lexicons or dictionaries, with each word assigned a specific score reflecting the relevant
emotion (Shapiro, Sudhof and Wilson 2022). A good example of this type of dictionary that I
used personally—to analyze the sentiment of news stories from the Russian national media
outlet Channel One—is a translation of the AFINN dictionary (Nielsen 2011), introduced by
Rumshisky et al. (2017). The dictionary is available in open access and is implemented in
Python. The algorithm relies on a lexicon comprised of 7,640 words with sentiment scores
from —5 to 5. The overall sentiment score of a news report is calculated as a sum of the scores
of individual words normalized by a document’s word length. Based on my experience of
applying the dictionary to a dataset of news transcripts, the accuracy and precision of the
results were comparable to the performance of complex machine learning models, which I

discuss below, while the computational time and memory requirements were lower.
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An illustrative application of using dictionaries to analyze sentiment in news coverage from
Russian media is Paskhalis, Rosenfeld, and Tertytchnaya (2022), who employ, compare, and
validate the Lexicoder (Young and Soroka 2012) and RuSentiLex (Loukachevitch and
Levchik 2016) dictionaries on a corpus of news reports to examine whether an independent
outlet reoriented its coverage to favor regime interests. Similarly, Miller (2022) uses a
lexicon-based methodology in his analysis of tweets to provide evidence of a backlash

against Turkey’s Twitter ban in March 2014.

The second, more recent approach to sentiment analysis involves machine learning
techniques, which predict the sentiment of a text probabilistically (Shapiro, Sudhof, and
Wilson 2022). Two examples of such models that I employed in my research on Russian
media are RuBERT for Sentiment Analysis’ and Rubert-tiny®. Both models estimate the
predicted probabilities of three classes (positive, negative, or neutral), select classes with
maximal probability, and label each document in a corpus accordingly. Rubert-tiny
automatically calculates one-dimensional estimates of a sentiment score for each document,
which, in addition to sentiment-class labeling, can be used for comparative analysis (e.g., La
Lova 2024). It should be noted, however, that tuning transformer models, such as BERT and
LLaMA, for sentiment analysis is more challenging than using simple Python dictionaries
due to their high computational requirements. These models rely on complex architectures
that demand significant processing power and memory. For instance, in my experience,
labeling a corpus of 400,000 news reports using a BERT-based model took 10 hours on a

MacBook Air (M2, 2022, 8GB RAM).

7 https://huggingface.co/blanchefort/rubert-base-cased-sentiment
8 https://huggingface.co/cointegrated/rubert-tiny-sentiment-balanced

14



Another powerful NLP technique to study mass-media manipulations in autocracies is topic
modeling, which involves identifying recurring themes or topics within a corpus of text. By
applying topic modeling to analyze state-controlled media content, researchers can identify
the dominant narratives promoted by the regime, uncover hidden agendas, and track shifts in
propaganda tactics over time. Traditional methods of topic modeling, such as latent semantic
analysis (LSA) and latent Dirichlet allocation (LDA) have been foundational in identifying
underlying topics by analyzing word co-occurrence patterns and statistical distributions. LSA,
introduced by Deerwester et al. (1990), reduces dimensionality by capturing the latent
structure in term-document matrices (Deerwester et al. 1990). LDA, proposed by Blei, Ng,
and Jordan (2003), assigns documents to a mixture of topics, assuming each word is
generated from a topic distribution (Blei, Ng, and Jordan 2003). More recent advancements,
including BERT-based models, represent a significant evolution in topic modeling. BERT
(Bidirectional Encoder Representations from Transformers), introduced by Devlin et al.
(2018), and similar approaches leverage deep learning to generate contextual embeddings that
capture nuanced semantic relationships between words, providing a more sophisticated and

accurate understanding of topics in contemporary text corpora (Devlin et al. 2018).

An intrinsic difficulty with topic modeling algorithms, regardless of whether they rely on
LSA, LDA, or transformers, is their inability to produce objective topic labels. Topics are
characterized by a multitude of words, which are often distributed across several topics,
leading to outputs that can be challenging to interpret. Even when the topics are interpretable,
these unsupervised learning tools operate purely on data-driven principles and lack the
capability to target specific concepts. Simply put, for instance, on what basis does the
researcher determine that the corpus under study encompasses 10 topics rather than 110? In
other words, topic modeling may be advantageous for researchers aiming to explore a corpus

without preexisting knowledge; however, it becomes a limitation when the objective is to
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align topics with distinct concepts, as the algorithm cannot facilitate this process (Ash and

Hansen 2023).

Yet, likely due to their ease of implementation, topic models are among the most widely used
methodologies by scholars examining mass media, including those investigating media
manipulations within autocratic regimes. For instance, Alrababa’h and Blaydes (2021) used
topic models to demonstrate how Syria strategically employed diversionary threats from 1987
to 2018. Additionally, King,Pan, and Roberts (2013) employed these models to show how
censorship in China permits government criticism while silencing collective expression.
Another example is Otlan et al. (2023), who relied on structural topic modeling to investigate
the rhetoric employed by Russian federal TV in its coverage of foreign protests. Furthermore,
topic modeling has been used to analyze the content of mass-media coverage in countries
such as China (Zhang, Wang, and Hu 2022) and North Korea (Boussalis, Dukalskis, and

Gerschewski 2023), among others.

Both sentiment analysis and topic modeling, when combined with network-based features
and political event analysis, can uncover the presence of so-called computational propaganda
and its strategic deployment in response to political dissent. For instance, Stukal et al. (2022)
employ ensemble classifiers to identify pro-government Twitter bots in Russia, analyzing
how they engage in negative campaigning against opposition figures and amplify state-
approved narratives, particularly during protests. Similarly, Stukal et al. (2019) use a deep
neural network to classify Russian bots by political orientation, demonstrating that pro-
Kremlin bots follow distinct messaging strategies compared to opposition-aligned ones.
Expanding beyond bot-driven manipulation, Munger et al. (2019) analyze how Venezuelan

regime elites actively used Twitter during the 2014 anti-Maduro protests, employing topic
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modeling and network analysis to show how government officials sought to fragment

opposition narratives by flooding the platform with alternative discourses.

Named entity recognition (NER) is another NLP method that proves valuable in studying
mass-media tactics. NER allows scholars to identify and classify named entities such as
people, organizations, and locations mentioned in textual content (Jurafsky and Martin 2024).
By analyzing the prevalence and context of named entities in state-controlled media,
researchers can uncover connections between government officials, propaganda outlets, and
other actors involved in shaping the narrative. A good example of application of NER in
practice is VIINA, a near-real-time, multi-source event data system for the 2022 Russian
invasion of Ukraine (Zhukov 2022). VIINA® draws on news reports from Ukrainian and
Russian media, which are geocoded and classified into standard conflict event categories

using machine learning. The data are GIS-ready and temporally precise to the minute.

Another, much simpler but still influential tool for NER is Newsmap (Watanabe 2018), a
semi-supervised model that helps label the country-topic of news reports. The model is
straightforward, implemented in R, can be improved by using a larger seed dictionary (La
Lova 2024), and requires less computational power than more complex tools. Presently,
based on Google Scholar, 58 academic publications have relied on Newsmap to classify news

reports in terms of the country-topic of coverage.

Text similarity measures such as cosine similarity, Jaccard similarity, and Euclidian distance
are widely used metrics for quantifying the similarity between two vectors in a high-
dimensional space, commonly applied in text analysis (Manning, Raghavan, and Schiitze

2008). Cosine similarity, for example, measures the cosine of the angle between two vectors,

? https://www.sungeo.org/node/15
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which reflects how closely related they are, irrespective of their magnitude. This approach
can be particularly useful in identifying thematic connections and trends within mass-media
corpora. Cosine similarity can help in comparing news articles from different sources to
assess how closely related their coverage of a particular event is. It can also be employed to
detect shifts in media narratives over time by comparing the similarity of articles on the same
topic across different periods. Additionally, cosine similarity can aid in clustering similar
articles, thereby facilitating the categorization of news into distinct topics or identifying
instances of potential media bias by comparing the content of articles from various outlets.
By quantifying the textual similarity, researchers can better understand the discourse patterns
and thematic emphasis within mass-media communications. A good example of using cosine
similarity to address questions in mass-media management in autocracies is Paskhalis,
Rosenfeld, and Tertytchnaya (2022), who estimated the similarity between independent and

state-controlled TV channels in Russia.

Finally, the role of simple dictionaries—structured collections of words or phrases pre-
assigned with specific attributes such as categories, thematic labels, and sentiment labels
already mentioned above—should not be underestimated, particularly during the data
exploration phase, before designing and validating more accurate and precise tools.
Dictionaries serve as a foundational tool for various text analysis tasks, including sentiment
analysis, thematic extraction, and keyword identification (Grimmer and Stewart 2013).
Dictionaries are constructed based on linguistic expertise and empirical data, with entries
often including words along with their associated emotional or categorical values. For
instance, sentiment dictionaries might score words on a scale reflecting their positive or
negative sentiment (Liu 2022), while thematic dictionaries categorize terms according to

specific topics or fields of study (Turney and Littman 2002).
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In social science research, several dictionaries are widely used to analyze textual data. One of
the most established is the LIWC (Linguistic Inquiry and Word Count), which categorizes
words into various psychological and emotional dimensions, allowing researchers to explore
affective, cognitive, and structural aspects of text (Pennebaker, Booth, and Francis 2001).
Another influential resource is WordNet, a lexical database that groups words into sets of
synonyms and defines their semantic relationships, which aids in understanding word
meaning and context (Miller 1995). The SentiWordNet dictionary extends WordNet by
providing sentiment scores for synsets, which helps quantify sentiment in text (Esuli and
Sebastiani 2006). Additionally, the VADER (Valence Aware Dictionary and sEntiment
Reasoner) is designed for analyzing sentiment in social media texts and other informal

contexts, offering a nuanced approach to sentiment analysis (Hutto and Gilbert 2014).

The use of dictionaries allows researchers to systematically analyze and quantify text by
mapping its content to predefined attributes. This method facilitates tasks such as identifying
trends, measuring sentiment, and classifying thematic elements within large corpora.
However, the effectiveness of dictionary-based approaches is dependent on the dictionary’s

comprehensiveness, relevance, and contextual fit with the text being analyzed.

A variety of examples of using dictionary-based analysis to examine mass-media coverage in
autocracies is provided in the fundamental work by Carter and Carter (2023). The authors
employ dictionaries across various subsets of propaganda corpora to analyze narratives about
domestic and foreign events. Their study is based on a corpus comprising over eight million

articles from 65 newspapers across 59 countries and in six major languages.

DRAWBACKS OF TEXT AS DATA METHODS
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Despite its potential, the use of NLP to study mass-media manipulations in autocratic regimes
also poses challenges and limitations. Language barriers, data availability, and algorithm
biases can affect the accuracy and reliability of NLP analyses. Moreover, NLP methods may
struggle to capture nuanced forms of manipulation, such as subtle propaganda techniques or
context-dependent narratives. In other words, it is vital to acknowledge that while text-as-data
may offer a practical approach for analyzing extensive collections of news transcripts, social
media posts, and other texts from mass media, they generally yield less precise and accurate
results compared to a detailed analysis conducted by human coders. As Grimmer and Stewart
(2013) mention in their seminal paper, rigorous validation is vital when using automated
content analysis methods. In the absence of validation, the results of NLP methods can be

misleading or inaccurate.

CONCLUSION

In the study of mass-media manipulations within autocratic regimes, text-as-data methods
offer a transformative approach for uncovering intricate patterns of propaganda, censorship,
and disinformation. By leveraging advanced computational techniques, researchers can
analyze vast datasets from state-controlled media sources with unprecedented scale and
precision. These methods not only illuminate the strategies autocracies use to maintain
control and shape public opinion but also enhance our understanding of how regimes adapt to

changing political landscapes and technological constraints.

The application of sentiment analysis, topic modeling, named entity recognition, and other
NLP techniques has already yielded valuable insights into the diverse and evolving methods
of media manipulation employed by autocratic leaders. These tools allow scholars to detect
shifts in propaganda narratives, uncover hidden agendas, and track how state-controlled

media respond to political crises or public dissent. The growing body of research in this field
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demonstrates the potential of computational methods to reveal patterns that might otherwise

remain obscured in traditional qualitative media analysis.

However, significant challenges remain. The effectiveness of text-as-data methods depends
on data accessibility, language resources, and algorithmic transparency. Many autocratic
regimes actively restrict access to media archives, censor content, or flood digital spaces with
noise, making it difficult to construct reliable datasets. Additionally, cultural and linguistic
biases in NLP models may affect the accuracy of sentiment and topic analysis, particularly in
non-English-language corpora. Addressing these challenges requires interdisciplinary
collaboration between political scientists, computational linguists, and media researchers to
refine methodologies and improve the robustness of automated text analysis in authoritarian

contexts.

Future research should explore how emerging technologies—such as multimodal Al models,
deep learning for image and video analysis, and real-time social media monitoring—can
enhance the study of autocratic media strategies. Additionally, comparative studies across
different autocratic regimes and media ecosystems can further illuminate the commonalities
and divergences in propaganda tactics, shedding light on how regimes adjust their media

strategies in response to international pressures and digital resistance movements.

Ultimately, the continued advancement of text-as-data methods provides a powerful
analytical framework for studying authoritarian information control. These tools not only
contribute to academic scholarship but also offer practical applications for journalists,
policymakers, and civil society organizations seeking to understand, counteract, and expose
state-controlled media manipulations. As computational methods evolve, so too does our
ability to track, interpret, and challenge the increasingly sophisticated strategies autocracies

use to shape information ecosystems in the digital age.
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